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CORPUS AND CONTENT ANALYSIS OF SUGGESTION IN DIGITAL PROPAGANDA
ON SOCIAL MEDIA

Palchevska O.%, Aleksandruk 1.2, Luchyk A.2, Hubych P.
!Lviv State University of Life Safety, Lviv, Ukraine
2Taras Shevchenko National University of Kyiv, Kyiv, Ukraine
3National University of Kyiv Mohyla Academy, Kyiv, Ukraine.

Abstract. This study examines suggestion as a latent mechanism of influence in digital propaganda,
particularly in bilingual Ukrainian- and English-language social media discourse related to the Russian-
Ukrainian war, civil protection, security, and crisis communication. The pilot material consists of publicly
available posts and comments from Telegram channels, X (Twitter), TikTok, and YouTube, selected for
testing a combined corpus-and-content analysis procedure. The study argues that suggestion operates
through repetition, emotionally marked vocabulary, metaphorical and archetypal framing, binary
oppositions, threat narratives, keyword salience, and network amplification. The methodological framework
combines corpus analysis in Sketch Engine, content and network analysis in Communalytic, and an author-
developed Digital Suggestion Index (DSI) based on weighted feature extraction. The proposed approach
supports the preliminary identification of manipulative messages, coordinated dissemination, recurrent
propaganda frames, and suggestive linguistic patterns.

Keywords: suggestion; digital propaganda; computational propaganda; detection algorithms; feature
extraction; corpus analysis; content analysis; sentiment analysis; network amplification; information
disorder.

Introduction. In the contemporary digital information environment, suggestion functions as
a latent mechanism of influence aimed not only at informing the recipient but also at shaping
emotions, evaluative judgments, and behavioural readiness. In propaganda discourse, suggestion is
realized through repetition, hyperbole, emotionally marked vocabulary, metaphors, oppositions
between “us” and “them,” information overload, archetypal images, and rhythmic organization of
messages. These devices reduce critical distance and encourage the audience to accept ideologically
framed interpretations as natural or self-evident. Recent research on disinformation and propaganda
detection demonstrates that suggestive influence should be studied as a hybrid phenomenon
involving text, user behaviour, platform affordances, and networked amplification [1], [2], [3]. In
this context, propaganda is not limited to the verbal content of messages: it also depends on
technological mechanisms of dissemination, including automated or coordinated accounts,
recommendation systems, cross-platform circulation, and interaction networks. Therefore, digital
suggestion should be interpreted as the interaction of linguistic manipulation, emotional framing,
semantic salience, and algorithmic visibility.

Formulation of the Problem. The key research problem lies in the difficulty of detecting
suggestive influence in digital propaganda because it operates simultaneously at several levels:
linguistic, semantic, narrative, emotional, and technological. Traditional qualitative discourse
analysis can reveal ideological meanings and manipulative strategies, but it is insufficient for
processing large-scale social media data. At the same time, purely computational models may
identify suspicious patterns but do not always explain their communicative, pragmatic, and
ideological functions. Thus, there is a need for an interdisciplinary model that combines corpus
linguistics, content analysis, discourse analysis, computational social science, and machine-
learning-based detection. This need is especially important for Ukrainian- and English-language
digital discourse, where war-related propaganda, crisis narratives, and security terminology
circulate across Telegram, X, TikTok, and YouTube. Recent multilingual and social-media-oriented
studies show that propaganda detection benefits from annotated corpora, interpretable linguistic
features, hybrid feature engineering, and platform-aware analysis [4], [5], [6].

Purpose of the Work. The purpose of this work is to develop an analytical framework for
identifying, interpreting, and preliminarily detecting suggestive mechanisms in digital propaganda
discourse. The study combines corpus analysis with the help of Sketch Engine, content and network
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analysis with the help of Communalytic, and computational modelling in order to reveal how
suggestive propaganda is linguistically encoded, algorithmically amplified, and circulated in
Ukrainian- and English-language social media communication. The empirical testing is based on a
pilot corpus of public posts and comments from Telegram, X (Twitter), TikTok, and YouTube
concerning war, security, emergency response, and civil protection topics.

Solving the Problem. To make the analysis more operational, the study adapts the logic of
the multifactor model proposed by Dats et al. [7], who apply the linear convolution method to
calculate a generalized level of propaganda in texts. In the present study, this logic is reformulated
for digital propaganda discourse as the Digital Suggestion Index (DSI). The DSI is understood as a
preliminary heuristic score rather than a universal measurement of propaganda. Each parameter is
normalized on a 0—1 scale, where 0 indicates the absence of a feature and 1 indicates its high
concentration in a text or message cluster.

The proposed formula is:

DSI = 0.15R + 0.20E + 0.15M + 0.15B + 0.15T + 0.10K + 0.10N,

where R denotes repetition of keywords, slogans, constructions, or hashtags; E denotes
emotionally marked and evaluative vocabulary; M denotes metaphorical or archetypal framing; B
denotes binary opposition, including “us/them” polarization; T denotes threat narrative and fear
appeal; K denotes keyword, collocation, and semantic-prosody salience measured by corpus tools;
and N denotes network amplification, including repost intensity, account coordination, and
concentration of dissemination. The coefficients are preliminary expert weights whose sum equals
1.00. Emotional vocabulary receives the highest preliminary coefficient because affective loading
is treated in this study as one of the most direct linguistic markers of suggestive influence. The
proposed weights may be recalibrated after manual annotation, inter-annotator agreement testing,
and comparison with empirically observed propaganda datasets.

The proposed model makes it possible to combine quantitative and qualitative approaches.
Corpus analysis identifies statistically salient markers in Ukrainian and English texts; content
analysis explains their ideological and communicative functions; and computational formulas help
organize the detection procedure. Sketch Engine is used for keyword extraction, collocation
profiling, concordancing, and semantic-prosody analysis, whereas Communalytic is used for
platform data preparation, sentiment/topic analysis, and network visualization. These tools help
distinguish suggestive propaganda from more neutral discourse and identify high-risk message
clusters for further qualitative interpretation [8], [3].

At the same time, the model should be treated as an applied heuristic tool rather than a
universal measurement of propaganda. Its reliability depends on the quality of the corpus, the
accuracy of annotation, the validity of thematic dictionaries, and the selection of features. Therefore,
computational results must always be interpreted in the context of discourse, platform dynamics,
communicative intention, and socio-political conditions.

Conclusion. Suggestion in digital propaganda should be studied as a hybrid phenomenon that
combines linguistic manipulation, emotional framing, narrative construction, algorithmic
amplification, and networked dissemination. The integration of corpus analysis, content analysis,
and computational detection models makes it possible to move from the description of isolated
manipulative devices to the identification of systemic mechanisms through which propaganda
narratives are produced, circulated, amplified, and normalized.

The practical value of the proposed approach lies in its applicability to social media
monitoring, information security, media literacy, and discourse analysis. The adapted Digital
Suggestion Index may be used as a complementary method for the preliminary detection of
suggestive propaganda in Ukrainian- and English-language posts and comments from Telegram, X,
TikTok, and YouTube. Computational indicators function as instruments that help identify high-
risk texts for further qualitative analysis, while the final interpretation remains dependent on
discourse context, platform dynamics, communicative intention, and socio-political conditions.
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